As the use of generative Al chatbots and large language models (LLMs) becomes more common for answering
health-related questions, a critical concern arises: can these technologies amplify racism and sexism embedded in
medical information? The View website shift from traditional search engines to Al-powered chatbots is changing
how people access healthcare knowledge, but it also brings challenges that affect trust, research integrity, and the

spread of health misinformation.

From Search Engines to Al Chatbots: A Paradigm Shift

For decades, people seeking medical information relied on search engines to locate reputable sources. Platforms
like the Cochrane Library and organizations such as The Cochrane Collaboration have built trusted

repositories of systematic reviews and evidence summaries, emphasizing rigorous appraisal of research.

In contrast, generative Al chatbots — powered by LLMs — offer conversational, quick responses, synthesizing
information rather than simply listing links. This shift invites users to receive near-instant health advice in a

conversational style, but it also introduces new risks.

Trust Is The Limiting Factor In Health Information

Trustworthiness has always been the cornerstone of health information. Authors, librarians, and clinicians vet
evidence carefully before dissemination. However, when users receive Al-generated answers without clear citation

or context, trust becomes fragile.

LLMs work by predicting the most probable next word or phrase based on vast amounts of training data, but
crucially, they do not "understand" truth or verify facts. This limitation means that errors—ranging from subtle

inaccuracies to blatant misinformation—can easily go undetected by users who assume Al output is reliable.

How Bias in Al Can Amplify Racism and Sexism

Bias in Al systems reflects biases in their training data. Medical literature and datasets carry historical and
structural biases, often underrepresenting marginalized groups or perpetuating stereotypes. Examples include

underdiagnosis of diseases in women and racial minorities or assumptions about pain tolerance and mental health.
When LLMs generate medical information, these embedded biases can surface in various ways:

¢ Skewed diagnostic suggestions: Al might prioritize conditions common in dominant groups while

overlooking conditions prevalent in minorities.

* Reinforced stereotypes: Gendered or racial assumptions could color explanations of symptoms, treatments,

and outcomes.
¢ Differential treatment information: Al may omit or undervalue studies focusing on minority populations,

limiting holistic advice.

This amplification effect is especially concerning given the documented health disparities along racial and gender

lines, and the ongoing efforts by entities like Cochrane to highlight equity in evidence synthesis.

Research Integrity and Al-Driven Outputs

Research integrity forms the backbone of trustworthy medical information. The Cochrane Collaboration is
renowned for its rigorous standards in evaluating and summarizing evidence, assisting clinicians and patients in

making informed decisions.


https://www.cochrane.org/about-us/news/why-evidence-synthesis-matters-age-ai

Yet, Al chatbots often generate "hallucinations" — fabricated information that appears plausible but is false. This
includes invented clinical trial results or fake citations, which can be dangerously misleading. These hallucinations

damage research integrity by blurring the line between verified knowledge and fiction.

Moreover, while the Cochrane Library provides peer-reviewed, high-quality evidence, Al systems rarely

distinguish material from vetted sources versus unverified ones unless explicitly trained or aligned to do so.

Health Misinformation in the Age of Al

The combination of LLMs' predictive capabilities and users’ trust in Al can accelerate the spread of health

misinformation. When misinformation carries racist or sexist biases, the consequences become ampilified:
* Harm to vulnerable populations: Misinformation can exacerbate existing inequities in healthcare access and
outcomes.

* Undermining public health efforts: Distrust fueled by biased Al advice may discourage adherence to

evidence-based interventions.

* False sense of understanding: Users might take Al-generated advice at face value without consulting

qualified professionals.
What Would Change Your Mind?

It's important to ask: what evidence or developments could shift our understanding of Al’s role in amplifying bias?

* Demonstrations of Al systems rigorously validated to correct for racial and gender bias in their medical advice.

® Establishment of transparent frameworks for Al-generated health information linking outputs directly to

trusted sources like the Cochrane Library.

® Broad adoption of Al ethics standards that prioritize equity and actively mitigate harm.

Addressing Bias and Ensuring Trust in Al Medical Information

Several strategies can help mitigate the risks that generative Al chatbots and LLMs pose with regard to bias and

misinformation:
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1. Training on diverse, representative datasets: Ensuring Al models incorporate balanced samples covering

various races, genders, and conditions.

2. Integration with trusted evidence repositories: Aligning Al outputs with vetted sources from organizations

like The Cochrane Collaboration to flag and verify information.

3. Transparency and clear citations: Al chatbots should provide verifiable references rather than invented or
vague sources.

4. Human oversight: Clinicians, librarians, and researchers should remain involved in interpreting and curating

Al-generated health information.

5. Public education: Teaching users critical appraisal skills to recognize potential Al biases and misinformation.

Why The Cochrane Collaboration Matters in This Context

The Cochrane Collaboration's commitment to systematic review methodology, minimization of bias, and
promotion of equity in health research provides an essential counterbalance to Al's limitations. Their
comprehensive databases not only represent rigor but also actively seek to identify and correct disparities
highlighted in health evidence.

Leveraging such reliable sources in conjunction with Al technologies may offer a path toward trustworthy,

equitable, and accurate health information accessible to all.

Conclusion

While generative Al chatbots and large language models represent remarkable advancements, they can
unintentionally amplify racism and sexism present in medical information. Their predictive text nature, susceptibility

to hallucinations, and lack of true understanding of truth mean trust and research integrity are more important

than ever.

Organizations like the Cochrane Collaboration and tools such as the Cochrane Library exemplify the gold standard
of trustworthy, unbiased health information. Integrating such resources within Al-driven health platforms and

maintaining vigilant human oversight is imperative to combat bias in Al and limit health misinformation.



Ultimately, recognizing the limits and biases of Al-generated health information—and prioritizing equitable,
rigorously vetted evidence—will be vital to ensure these emerging technologies amplify voices fairly, improve

health outcomes, and do no harm.



