When people talk about giving Al agents access to external knowledge, the conversation often gets abstract
very quickly. The practical questions are more grounded. Can the agent find the right entity without spraying
out a hundred weak guesses? Can it show why it picked one record over another? Can a human inspect the
evidence when the match is close but not safe? Can the workflow stay read-only, predictable, and easy to

slot into existing tools?

That is where MCP for google knowledge graph and wikidata becomes interesting. In the verified project
context here, the relevant implementation is an open-source MCP server and CLI called “"Wikidata + Google
Knowledge Graph MCP." It is published on Smithery under revanalex/wikidata-google-knowledge-mcp,
licensed under MIT, and designed to help Al agents search Wikidata, read selected facts, and link local
records to Wikidata QIDs. The project also puts unusual emphasis on inspectable evidence and explicit

uncertainty when the evidence is not strong enough.

That combination matters more than it might seem at first glance. Many agent workflows break down not
because the model cannot produce language, but because entity handling turns messy. “Paris" might be a
city, a person, a mythological figure, a company, or a track title. A local CRM record may contain a
misspelled organization name and an outdated location. A catalog row may have just enough context to
tempt a match, but not enough to justify one. Systems that pretend certainty in those moments tend to
create downstream damage: bad joins, wrong enrichments, and quiet data corruption that nobody catches

until much later.

This project takes a different stance. It favors bounded search, deterministic resolution logic, selected fact
retrieval, and a very clear line between concordance and proof. For teams building agentic systems that

need to work with entities rather than just talk about them, that is a useful design pattern.

What this MCP server is actually for

At its core, the server gives an MCP client a way to interact with Wikidata and, optionally, the Google
Knowledge Graph Search API, within a controlled set of operations. The documented use cases are not
vague. The server is intended to let agents search for entities in Wikidata, retrieve selected facts, and
resolve local records to Wikidata QIDs. That last part is especially valuable in operational settings because

entity resolution is where automation either becomes dependable or becomes expensive.

The project can be used in MCP clients such as Claude Code, Cursor, and Codex. That matters because it
places the tool directly in the path of working agents and coding assistants, not in a sidecar utility that a
team has to wrap by hand. At the same time, the project is explicit about limits. It is not official Wikimedia or
Google software. It is not an export of the Google Knowledge Graph. It is read-only and does not edit

Wikidata, Google, or user data.

That read-only posture is not just a legal note. In practice, it affects workflow design. Read-only tools are
easier to trust during early deployment because the blast radius is lower. A team can let an agent explore
entities, compare candidates, and attach provisional identifiers to internal tasks without granting write
privileges to public knowledge bases or customer records. In the first phase of many rollouts, that is exactly

what you want.

Why bounded search helps agents behave better



One of the more thoughtful choices in this project is bounded search. By default, it returns three candidates,

with up to five, rather than dumping large raw result sets back to the model.

Anyone who has spent time debugging agent behavior will recognize why this matters. Large candidate lists
often make language models worse, not better. The model gets a long stream of partially relevant names,
starts matching on fragments, and may anchor on the wrong record because it saw a familiar alias or a
nearby date. When the tool only returns a short, curated candidate set, the agent is nudged toward

comparison rather than fishing.

That design choice also helps human reviewers. If a person has to inspect an agent's resolution attempt,
looking at three strong candidates is manageable. Looking at fifty is not. Good workflow design is often

about reducing cognitive load at the handoff point. Bounded search does that.

There is also a subtle but important effect on latency and determinism. In many knowledge workflows, the
right answer does not come from “more search,” it comes from “better evidence on a small set of plausible
candidates." Limiting the set encourages the second strategy. That does not guarantee correctness, but it

makes the system more legible.

The shape of the workflow inside an agent

A typical agent flow with this kind of server is straightforward enough to describe in prose. The agent starts
with a local record or user request, searches for candidate entities, retrieves selected facts for the best
candidates, and then either resolves to a QID or stops with an explicit uncertainty state. If needed, it can
apply an optional Google cross-check through exact identifier joins.

What makes that interesting is the discipline around each step. The search phase is bounded. The fact
retrieval phase is selective rather than indiscriminate. The resolution phase is deterministic and produces
named outcomes instead of a fuzzy confidence paragraph. The optional Google check is handled as

provider concordance, not as proof of identity.

That last point deserves attention because it shows real judgment. It is tempting to tell an agent, "If both
sources agree, accept the match.” The project does not overclaim like that. It documents exact ID joins using
/m/ for Wikidata property P646 and /g/ for P2671, but treats agreement between Google and Wikidata as
concordance between providers, not proof that the identity claim is true. That is a healthier standard. Two
providers can agree and still be wrong, especially in edge cases involving merged identities, legacy

identifiers, or ambiguous historical records.

The tools that matter in practice
The documented MCP tools cover the main tasks an agent would need for controlled entity work:

e kg_search for finding candidate entities

e kg_entity for reading selected facts about an entity

e kg_related for exploring related records

e kg_resolve for deterministic record-to-QID resolution

e kg_status for checking server status

That set is compact, which is usually a strength. A narrow tool surface often leads to more reliable agent

plans because the model does not have to choose among a dozen overlapping actions. It also encourages



teams to think in terms of stable subroutines. Search, inspect, resolve, verify status. Those are workflow
primitives, not just APl methods.

The CLI broadens the operational value. The project documentation notes batch and evidence-export
commands. Batch processing is what turns a neat demo into something useful for real data work. If you are
reconciling a few thousand internal records against Wikidata, you need repeatability and exportable
evidence, not just an interactive query tool. Evidence export is equally important because it creates an audit

trail for review, escalation, or correction.

Selected facts are better than indiscriminate dumps

Another practical strength is selected-fact retrieval, including ranks, qualifiers, and references on request.

That phrase might sound like a technical footnote, but it has workflow consequences.

Agents often perform badly when handed an undifferentiated pile of entity data. They struggle to decide
what matters, and they may overweight a noisy field because it appears early in the response. Selected-fact
retrieval changes the interaction. Instead of “give me everything about this entity," the workflow becomes
"give me the facts that matter for this decision.” If the task is disambiguating two people with similar names,
ranks and qualifiers may be crucial. If the task is validating an organizational identity, the agent may only

need a handful of fields plus the references that support them.

The presence of ranks and qualifiers is especially useful because entity data is rarely flat. A statement can
be preferred, normal, or deprecated. A relationship can be bounded by time, location, or role. Without that
context, agents can make simple but damaging mistakes, such as treating a former affiliation as current or

an outdated name as primary.

References on request are just as valuable, especially in human-in-the-loop settings. They do not magically
solve trust, but they let a reviewer inspect why a fact is present and whether it should carry weight in a given
workflow. In my experience, the best knowledge tools are not the ones that eliminate review. They are the

ones that make review fast and focused.

Deterministic resolution is a better contract than vague confidence

One of the most workflow-friendly aspects of the project is its explicit resolution logic. The documented

outcomes are deterministic and named rather than implied. The server can return:

AUTO_MATCH
HOLD
AMBIGUOUS
NO_CANDIDATE

That is a stronger contract than a free-form “probably the same entity” message. Deterministic states are
easier to route through downstream systems. An AUTO_MATCH can proceed to the next step in a pipeline. A
HOLD can open a review queue. An AMBIGUOUS result can trigger a request for additional context.

NO_CANDIDATE can be logged for follow-up enrichment or left unresolved without forcing a bad guess.

This is one of those design choices that looks modest but pays off at scale. Teams struggle when an agent
emits natural language explanations that humans find persuasive but machines cannot reliably act on.
Explicit outcome states solve that. They also support analytics. If thirty percent of a batch lands in

AMBIGUOUS, that tells you something about the quality of your source records or the need for more context



fields. If NO_CANDIDATE rates spike for one domain, perhaps those entities are underrepresented or named

inconsistently in your internal data.

Where Google fits, and where it does not

The optional use of Google Knowledge Graph Search is a useful supplement, but the project is careful not to
overstate its role. Wikidata requires no account or API key in this setup, while Google Knowledge Graph
Search is optional. That alone affects adoption. Teams can start with Wikidata-only workflows and add the

Google cross-check later if it provides value.

The documented Google cross-check uses exact identifier joins, specifically /m/ mapped through Wikidata
property P646 and /g/ through P2671. That is a disciplined approach. It avoids loose textual comparison and

instead uses known identifier relationships.

Still, the project’s documented framing is the right one: concordance, not proof. In real workflows, a cross-
provider match can raise confidence, but it should not erase the need for context. If two providers link the
same identifiers, that is useful evidence. It is not a substitute for domain judgment where names are

overloaded, records are stale, or identity boundaries are contested.

This is also where the phrase MCP for wikidata starts to make more sense operationally. Some teams need
only Wikidata access and deterministic resolution. Others want the additional provider cross-check because
their review policies reward independent corroboration. The project appears to support both modes without

forcing the second on the first.

A realistic example of agent use

Imagine a team maintaining an internal catalog of public institutions. Many rows have a name, a city, and
sometimes an alternate or abbreviated label. The team wants an agent to connect those rows to Wikidata

QIDs so analysts can enrich records later with controlled lookups.

A brittle agent would scrape broad search results, pick a candidate with a matching surface name, and move
on. That works until it links a local museum to a school with the same nickname, or to a defunct institution
that once occupied the same building. The error may not show up until an analyst notices impossible related

facts downstream.

A more disciplined agent, using MCP for google knowledge graph and wikidata, would search with bounded
candidates, inspect selected facts for each candidate, and apply deterministic resolution logic. If one
candidate aligns strongly with the local name and other available context, it can produce AUTO_MATCH. If
two candidates remain plausible because the source row lacks enough detail, it can stop at AMBIGUOUS. If
nothing fits, it can return NO_CANDIDATE and leave the row untouched. If the workflow has optional Google
cross-check enabled, the agent can use exact ID concordance as additional evidence, while still not treating
it as definitive proof.

That is a much healthier pattern. The value is not that every row gets resolved. The value is that unresolved

cases stay honest.

Why inspectable evidence changes team behavior

One of the stated goals of the project is to provide inspectable evidence. That phrase carries more

operational weight than many people realize.



When teams first adopt agents for knowledge tasks, trust tends to break in one of two ways. Either the
agent is so cautious that it adds little value, or it acts confidently without enough visibility into how it made
decisions. Inspectable evidence offers a third path. It lets the agent operate within a constrained lane while

preserving a trail that a human can review.

This matters in batch jobs, but it may matter even more in mixed workflows where agents and people
alternate. An analyst can look at a resolution attempt, inspect the evidence export, and decide whether to
accept or reject the result without rerunning the whole process from scratch. Over time, that tends to

improve governance because review becomes part of the normal workflow rather than an afterthought.

There is also a cultural benefit. Teams become more comfortable delegating routine entity work when the
system exposes its reasoning through evidence rather than just output labels. You do not need everyone to
become a Wikidata expert. You need them to see enough of the chain of support to trust the process or spot

the exceptions.

What this means for MCP client environments

Because the project is documented for use with Claude Code, Cursor, and Codey, it fits into environments
where agents already help with research, coding, and structured task execution. That makes MCP for google

knowledge graph particularly useful for developer-adjacent workflows.

A coding assistant, for example, may need to reconcile fixture data, inspect entity facts during integration
testing, or support a script that links internal records to public identifiers. In those settings, the combination
of server tools and CLI commands is attractive. The agent can explore interactively during development,

then the team can shift to batch processing for actual datasets.

Wikidata's own broader MCP documentation adds useful context here. It states that the Wikidata MCP
provides standardized tools for LLMs to explore and query Wikidata programmatically through the Wikidata
APl and Wikidata Query Service. The server discussed in this article sits within that broader pattern, but with
a more focused concern around search, selected fact retrieval, deterministic resolution, and optional Google
concordance. That narrower scope can be a virtue. General-purpose query power is valuable, but many

production workflows improve when the available actions align closely with the business task.

Trade-offs that are worth acknowledging

No design choice here is free of trade-offs. Bounded search keeps the candidate set manageable, but it can
also mean that a legitimate but less obvious candidate never appears in the first pass. Deterministic
outcomes are easier to operationalize, but they can feel rigid when a domain expert sees a likely match that
the system correctly refuses to auto-resolve. Selected-fact retrieval is cleaner than full dumps, but it
depends on choosing the right facts for the decision at hand.

The optional Google cross-check has its own balance. It can https://toolhub.wikimedia.org/tools/wikidata-
google-knowledge-mcp add valuable concordance, but only in workflows where the exact identifier
mappings are relevant and available. Since the project is explicit that the Google layer is optional, teams can

choose whether the added complexity earns its place.

The read-only model is another good example. It reduces risk and simplifies trust, but it also means the
server is not trying to solve editing or write-back workflows. That is often the correct boundary. Trying to
make one tool do search, resolution, evidence generation, and automated editing usually ends badly.


https://toolhub.wikimedia.org/tools/wikidata-google-knowledge-mcp
https://toolhub.wikimedia.org/tools/wikidata-google-knowledge-mcp

Where this fits best

The strongest fit for this project is not “general knowledge lookup” in the broadest sense. It is workflows
where an Al agent needs controlled access to public entity knowledge and where the cost of a wrong

identity decision is higher than the cost of leaving some records unresolved.

That includes catalog reconciliation, internal record linking, retrieval of selected facts for downstream tasks,
and batch review pipelines. It also fits teams that want a practical entry point into MCP for wikidata without

committing to a sprawling custom integration from day one.

There is a difference between giving an agent information and giving it a disciplined way to handle entities.
This server leans toward the second. It constrains search, preserves inspectability, distinguishes evidence

from proof, and turns uncertain cases into explicit workflow states rather than hidden guesswork.

For anyone building agent systems that touch names, institutions, places, or other public entities, those
choices are not minor implementation details. They are the foundation of whether the workflow remains

dependable after the demo.



